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Abstract: This paper proposes an approach to generate frequent itemsets in mining image association rules

Fre-

quent Item Tree. We utilize bSQ image format to re-organize the image data to apply frequent item tree. Moreover,

this paper propose several optimization techniques, including frequent item tree pruning, semi—depth—first search,

image mask, and multi—level gray generation, to decrease the time and space complexity.
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Procedure CreateFITree(depth)

{
Get bSQ data;
For (I=0; I<PixelNum;
{
if ((GreyValue of Imagel = 0) & (GreyValue of
Image2 = 0) & «) count0++;
if ((GreyValue of Imagel = 0) & (GreyValue of
Image2 = 1) & +-+) countl++;

I+

Calculate Support of FrequentltemO, Frequentlteml,
-, FrequentltemN;
For (I=0; I<{N; I++)
{
If (Support of FrequentIteml >>= Support)
Add Frequentlteml into FITree
Else RuleNode = NULL;
}
depth——;
For (I=0; I<Z Num of FITree; I4+-+)
{
If (RuleNode <> NULL) CreateFITree(depth)
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